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Layer type Kernel | Stride Outputs
Convolution 1X3 1X2 72X64X16
Convolution 1X3 1X2 108 X648
Convolution 1X3 1X2 162X64 X4
Convolution 1X3 1X2 243 X64 X2
Convolution 1X2 1X2 256 X64 X1
Convolution 1X1 1X1 128X64X 1
Convolution 1X1 1X1 64X64X1
Convolution 1X1 1X1 1X64X1
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Layer type Input | Hidden Outputs

LSTM 1 256 1X1X256
E 4 WMNOF Y T — ik

Layer type Input | Hidden Outputs
Fully connected 256 - 128
Fully connected 128 - 2
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