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Multi audio event detection from real life audio data by using RNN
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# 1: GMM & RNN O &F D 3HAfifG R

GMM RNN
place ER F[%] | ER F[%]
Home 0.95 18.1 | 1.26 28.7
Residential area | 0.83 35.2 | 0.95 28.7
total 0.89 26.6 | 1.11 28.7
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